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F 1 5E R OVRBREGHCE (R 1)
Tablel. Number of Learning and Test Image (Work1)

Learning Learning Test Test

Character - . e .
Positive Negative Positive Negative

1-A 35 39 55 32

1-B 21 41 24 76

Positive Negative True Negative False Negatlve

2. FEBB KR OERE (EWm 2)
Table2. Number of Learning and Test Image (Work2) 1 FEEH B2 HEBIHER
Learning Learning Test Test Fig.1 Learning Image Fig.2 Recognition Results
Character Positive Negative Positive Negative
A 20 0 1 T # 5. LEMEL & AR R IEARER (1-A)
Table5. Learning Number Relative Success
2-B 30 40 29 240 Ratio of Face Recognition (1-A)
2-C 30 40 18 251 ;
2-D 20 40 11 268 ;eatj:.mg Learning Learning Test Test
9—E 20 40 7 272 Nz:k:\;le' Positive Negative Positive Negative
e 11 20 1.00 1.00 0.69 0.80
3. BRI RIEMEER (FES 1) 10 1.00 0.95 0.72 0.67
Table3. Success Ratio of Face Recognition (Work1) ' ' ' '
; . 40 1.00 0.92 0.82 0.57
Character Learning Learning Test Test 50 1.00 0.85 0.88 0.47
Positive Negative Positive Negative : : : :
1-A 1.00 0.95 0.84 0.60 5. [ ON
1-B 1.00 1.00 0.63 0.99 AFETIE, BB ED—>THDH HOG &+

F 4. BRI R EMER (TR 2)
Table4. Success Ratio of Face Recognition (Work2)

Learning Learning Test Test

Character . . e .
Positive Negative Positive Negative

2-A 1.00 1.00 0.81 0.82

2-B 1.00 1.00 0.59 0.99

2-C 1.00 0.98 0.67 0.94

2-D 0.90 1.00 0.91 0.90

2-E 1.00 1.00 1.00 0.99
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