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Terms Completion based on Nonnegative Matrix Factorization
for Care Planning Support System
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#1 MAP & GMAP R—ZX 51 v & DR

method # of relevant plans:5 # of relevant plans:10 # of relevant plans:15

MAP GMAP MAP GMAP MAP GMAP
Conventional | .08487 +.036  .05758 +.029 | .12714.046 .09960 + .039 | .1662 £.054  .1401 4+ .049
SVD 1028 £.051  .06817 £.039 | .1459+.066  .1098 £.057 | .1897 £.080 .1512+.070
NMF 1078 +£.043  .06497 £.026 | .1551 +.055 .1050 £.038 | .1944 + .064 .1417 + .049
LDA .1090 + .046 .06967 £+ .031 .1494 + .053 1134 4+ .039 1896 4+ .055  .1542 £ .044
PRF-TFIDF | .09722+.043 .06228 +.034 | .1341+.052 .09879 4+.043 | .1710+.056  .1365 4 .048
PRF-Emb .08826 +.043 .06133 +.033 | .1255+.047  .1002+.039 | .1651 +.053  .1404 +.047
PRF-RM 08742 +.026  .05550 +.019 | .1247 +.031 .09438 +.028 | .1594 +.038  .1302 £ .035
Proposed 1099 + .055 .07302 +.045 | .1489+ .062 .1157 +.055 | .1884 +.071 .1567 + .064

Top N Accuracy (# of relevant plans n : 5)

Top N Accuracy (# of relevant plans n : 10)

Top N Accuracy (# of relevant plansn : 15)
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BRI TRBEWI &30S, BETT 77U
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FHEOHRIIEKTH 5. REFHIZE I TV IRFE
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VIWEDZHD 7 T HEIRE U TO NMF OB A
RN 5. HEEE S DA TlX, PRF-TFIDF *» PRF-
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i, PRF-Emb 3D WEEROGEEET T 77 v
DELRETHLEZOND,

Copyright © 2019 by Information Processing Society of Japan and
The Institute of Electronics, Information and Communication Engineers

4 \‘H:H' All rights reserved.



FIT2019 (55 18 ETFEMBIFRM 7+ —3 L)

Top N Accuracy (# of relevant plans n : 5)

Top N Accuracy (# of relevant plans n : 10)

Top N Accuracy (# of relevant plans n : 15)
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PRF-TFIDF
T —+ PRFEmb
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g 3 3 8
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—9— Conventional i —e— Conventional I
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I 3 FReRM =) —< PRF-RM
= —— Proposed X, 604 —# Proposed
>‘40 -
9 4]
E ©
S 5%
Q 3 Q
o ]
< < 40
z z
Q. 20
° g
10 20
1 2 3 4 5 6 7 8 9 10 N 12 13 14 15
# of recommend N
06 AP (Proposed vs LDA)
© AP (LDA) - AP(Conventional)
o AP (Proposed) - AP(Conven tional)
g o1 LDA
g < P d
= 1) / ropose Proposed
I
a -
5 .
2 :
3 -02 / \
Q
< LDA
S
o 044
<<
6 260 460 S(I)O S&O 1060
# of care management data
7 AP OWEEHE (Proposed, LDA)
# 2 fiTERHEGEE
Method 58 K56 BEAF RiE
HEE (%)  HGE (%) | BEE (] HGE (%)
PRF-TFIDF | 98.91 1.093 46.96 53.04
Proposed 80.33 19.67 37.12 62.98

6.6 Average Precision (AP) IC& BEAEE DL

BT — 2B D AP(u) OHIREIT, BEEE %
IS5, 6.5.1HIZBWT, bREFEREHML KR
L7257 LDA ZILENR L §5. BEE Imp (u) 1EX
Q) DESIZEDSB. AP(-,u) IFHEFED AP 2K 7.

Imp (u) = AP (-,u) — AP (Conventional,u) (9)

TIZIRETHR L LDA OUGRE 2T . AP(u) HK
TINTT — ZABUTIE KR E L2 IIHER S 1 vwad, LDA
& AP(u) OEADKEL, WELZHEITIZREFE
ZLEBmERRONS. UL, BEYRIRGTHIEATT
bneholGE, AP(u) DRELPDPELTWS.
ZORERIFIKRIENNREERATVWE L IERT, 77
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6.7 FTSNIFHEICET IR

i I NHEEO 2175, —ETHHiKI Nk
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X D YRR EEERTE A ER I NS L EZ 65N D.
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- N B

LEOMEEEE X, M8 ICKEHMEED 1 XEYD
DffiFEH & TFIDF D% XEEH %2 9. TFIDF
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RIZAOND [FE] REBE LN, ZIhsDHFEIX
TT 7T UXEERREMAITWREEZ NG, F,
Ml X TEE ], TE4r], TABE 2E% < OB T
FTTRE KGR 1E TFIDF fEAVNS K, 77 75 v xE
EENTVAHREENEVWHETHI LEZ SNSD.

£ T 1% PRF-TFIDF & tb# U T Background
Words 2% i LTE D, HEHEREOK EIFICEo7
EEZLND.

7. BHYIC

ARYR=AGHT a N R ) VT %I T 75 v XET
FNZ5F U THW S BROHEMRERE D 2012, Rl e
LT T VIR EITOMEFIEZ2BE L. 7777V
XETFNZN LT NMF 225K 7 2 ) HhiE (R EE
58) BATD Z & TEIRSCETHIDMER X NAEEEMERE % X
ETCXBHIEERUE.

REFHEIT LA ORBERERZ ML 72 BTN LOHE
EROE B2 ERTE, REDOEL2 R 5 HEE
TR, F7 75 UNECEEN LRSS AR
RSB LTWB I 2SI L.
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8 \#Fﬁ PRF-TFIDF
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# of expansion words per doc

Average of TFIDF of only expanded docs

8 HRAHEED 1 XEH O OHfiee
TFIDF filf D56 X H

ARTIE, REEEOMSEE e TFIDF 2R3 5 &%
AT o723, HEFEVERE & OMHBIBIGRICN § B HIRIZE S

DTV, SRIZIROWRES, D27 BERDH 5.
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