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Baseline  Pre-Trained Fine-Tuning
Laptop 0911 1.000 1.000
ItexvsCypress 0.739 0.763 0.770
IS_BT_Acquisition 0.929 0.926 0.930
Grocery 0.924 0.960 0.960
thompson 0.806 0.822 0.824
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Baseline  Pre-Trained  Fine-Tuning
Laptop 0.878 0.891 0.949
ItexvsCypress 0.712 0.758 0.800
IS_BT_Acquisition 0.885 0.916 0.925
Grocery 0.865 0.910 0.948
thompson 0.727 0.669 0.697
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